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Abstract

We consider integer-valued random walks with independent but not identi-
cally distributed increments, and extend to this context several classical esti-
mates, including a local limit theorem, precise small-ball estimates (both condi-
tional on the final point and unconditional), and bounds on the probability that
the random walk trajectory remains positive up to a given time (again, both
conditional on the final point and unconditional). Two key features of this work
are that the bounds are non-asymptotic, holding true for finite time horizons,
and, crucially, that the latter hold uniformly over an entire class of admissible
increment sequences. This provides a robust framework for applications. These
results are, in particular, tailored for the analysis of processes derived through a
time-dependent tilting of the increments of a time-homogeneous random walk.

1 Introduction and main results

1.1 Motivations and existing results

Let (Xk)r>1 be independent and identically distributed (i.i.d.) Z-valued random vari-
ables. Given a starting point u € Z, the associated random walk (.S;,),>0 is defined by
So=wuand S, =5,_1+ X, forn>1.

It is often extremely useful across various contexts to consider a tilted version of
the increments (Xg)r>1, and consequently of the random walk (.S,,),>0. Specifically,
fix two real numbers a < b and, for each k > 1, let ¢, € [a,b]. A new sequence of

random variables ()A( k)k>1 is then defined by

otil

P(Xy = 1),

and the associated random walk is denoted by (§n)n20. Let us also denote by (S,)n>0
the random walk with centred increments X = X — E(X}).



While the new increments ()?k)kZI (or (X})k>1) remain independent, they are,
in general, no longer identically distributed due to the time-dependent tilt ¢;. The
restriction that the latter parameters belong to the compact interval [a, b] C R ensures
a degree of uniformity for the tilted distributions.

The resulting time-inhomogeneity unfortunately precludes the use of various clas-
sical estimates that rely on the i.i.d. nature of the increments. These include, for
example, estimates on the probability that the walk stays positive for a time n (possi-
bly conditioned on its position at time n), as well as small-ball estimates (also possibly
conditioned on the position at time n). We refer to [2], and references therein, for a
treatment of the i.i.d. case.

Our primary goal in this work is to provide extensions of such classical results that
are valid, in particular, for this specific class of time-inhomogeneous random walks.

We emphasize that while similar estimates have been derived for time-inhomoge-
neous random walks (in particular in [3]), the focus was on obtaining sharp estimates
for the asymptotic behavior (i.e., as n — 0o) for a fized sequence of increments.

In contrast, we are interested in estimates valid for a fixed, finite time n, and
uniform over any admissible sequence of increments. Moreover, we are satisfied with
non-sharp bounds — that is, upper and lower bounds that differ by a multiplicative
constant. We are not aware of results of this type in the existing literature.

We have strived to formulate our results in a manner that allows for their easy
importation into other research. To maximize their potential usability, we also tried to
weaken the moments assumptions far beyond what would be needed to treat the tilted
random walks described above. Two direct applications of the results of this paper are
presented in [6], which considers a one-dimensional random walk constrained to stay
above a macroscopic concave obstacle, and [4]|, which analyzes an effective model of a
polymer hanging in a gravitational field.

1.2 Main results and roadmap to the paper

We present now, in a somewhat informal way, the main results derived in this work,
with references to the precise statements that can be found later in the paper.

Let us denote by (S,),>0 the time-inhomogeneous random walk, with independent
increments (Xj)r>1; we shall write P,(-) = P(-| Sy = u). A complete description of
our general setup and assumptions is provided in Section 2. The main assumption is
a form of uniformity of the increments distributions.

1.2.1 Local limit theorem

The first result, which is also an important tool in deriving the “bridge” version of some
of our other claims, is a version of the local limit theorem for a time-inhomogenous
Z-valued random walk. It applies in the whole Gaussian regime, i.e., it provides sharp
Gaussian approximation for Py(S, = y) for any y satisfying |y — Eo(S,)| < n® with
a < 2/3. Namely, it is proved in Theorem 4.1 that, under suitable assumptions,

eXp(_Cnfmin@fSa,l/S)) < /QWBne(yfmn)z/anPO(Sn _ y) < exp(cnfmin(273a,1/3))’

for some C' > 0, where m,, = Ey(S,) and B, = Var(S,) = >, Var(X;).



1.2.2 Probability that the walk remains positive

Let 7 = min{k > 1 : S, < 0}. We are interested in the probability that 7 > n, for a
fixed n, as a function of the starting point and possibly, conditionally on S,,.

Let us start with the case of a free endpoint. Let A > 0, A’ > 0,s > 0 and consider
a sequence of increments satisfying E(X;) = 0, E(X}) < A and E(X;1x,~0) > s for
all i = 1,...,n. Then, there exist c. = c_(A,A’,s) > 0 and ¢, = ¢;(A,s) > 0 such
that

c_(u+1)
VO <u < A'Vn, P,(r>n)> ———=,
Vn
and
C+<u+ 1)

Yu > 0, P,(r>n) < NG
The lower bound is proved in Lemma 3.6 and the upper bound in Lemma 3.8.

Let us now turn to the “bridge” case. The estimates in this case assume that
the increments satisfy the “uniformity” assumption detailed in Section 2. Let a €
(1/2,2/3). There exist C_,Cy,c_,cy € (0,400) and ng > 1 such that, for any n > ng
and any 0 < u,v < n® with P,(S, =v) > 0,

_ S C_min(u + 1,y/n) min(v + 1,y/n) oo (u—v)/n
i=1,..n - n3/2 ’

) < C+ min(u + 17 \/?/);nin(v + 1’ \/ﬁ> 6—c+(u—v)2/"_
- n

The lower bound is proved in Lemma 6.1 and the upper bound in Lemma 6.2.

1.2.3 Small-ball estimates

Let us now turn to small-ball estimates, i.e., the probability that the random walk
trajectory remains in the interior of a given “tube” for a time n. As above we treat
separately the case of a free endpoint, and that of a bridge.

Let us start with the case of a free endpoint. Let A > 0, ¢ > 0 and consider a
sequence of increments satisfying F(X;) = 0, E(|X;]?) < A and E(X?) > o2 for all
1 = 1,...,n. Then, there exist c_,c;. > 0, \y > 0 and ny > 1 such that, for any
n = ng,

VA=, Po(max |Si <A [Si] <A/2) > e

..... n

and
Vv > A > )\, Po(lrllax |Si| < A) < emern/X

The lower bound is proved in Lemma 3.3 and the upper bound in Lemma 3.4.

Let us now turn to the case of a bridge. As before, we require that increments
to satisfy the “uniformity” assumptions described in Section 2. Let € > 0. There
exist c_,c,C_,Cy € (0,+00), \g > 0 and ny > 1 such that, for any n > ny and
\/ﬁ Z A Z )\02



e For any x € Z with |z — m,| < (1 —¢€)A,

PO(Zirllya)fn‘Sl - E(S@)‘ S )\, STL = $) Z C_/\—efc_n/)\z.

e For any z € Z with |x — m,| < A,

PO(iirllaX |Sz - E(Sz)| S >\, Sn = l’) < %€_C+n/)‘2'

..... n

Both bounds are established in Theorem 5.5.

The next results provide better control on the effect of the starting and ending
points. They hold under the same “uniformity” assumptions. Let K > 0. There exist
C_,Cy,c_,cy € (0,+00) and Ag, ng > 0 such that the following holds. For any n > ny
any \g < A < Ky/n and any 0 < u,v < X\ with P,(S, =v) > 0,

P,(Vie{l,...,n}, 0<S; <A\, S, =v)
C_(min(u, A — u) + 1)(min(v, A — v) + 1)6_6*"/)‘2

>
= \3

and

P,(Vie{l,...,n}, 0< S, <\, S, =0)
< Cy (min(u, A — u) + 13)(min(v, A—v)+ 1)e_c+”/)‘2.
- A

The lower bound is proved in Lemma 7.1 and the upper bound in Lemma 7.2.

Finally, we consider the complementary case in which the “tube” has a width larger
than y/n, still under the same “uniformity” assumptions. Let a € (0,2/3). There are
C_,Cy,c_,cy € (0,400), ng > 0, such that the following holds. For any n > ng, any
A > /n, and any 0 < u,v < A with P,(S, =v) > 0 and |u — v| < n®,

P,(Vie{l,...,n}, 0< S5, <\, S, =v)
> o= (min(ua A— u, \/ﬁ) + 1)(min<v7 A— U, \/ﬁ) + 1)€—c,(u—v)2/n

el ’I’L3/2 )

and

P,(Vie{l,...,n}, 0< S, <\, S, =0)

- C, (min(u, A — u, /n) —1—31/)2(rnin('0, A —wv,y/n) + 1)6_C+(u_”)2/"_
o n

Both bounds are established in Theorem 7.3.

1.2.4 Tail estimates

The last estimates address the tail of the one-time marginal of a bridge. Their deriva-
tion assumes again the “uniformity” assumptions of Section 2. Let 8 € (0,1/6). There



exist ng,tg > 0 and C_,Cy,c_,cy € (0,+00) such that the following holds. For any
n > ng and any 0 < u,v < 1ty/n with P,(S, =v) > 0,

Po(min S >0, S > tv/i, S, =) » ot Ly min L vn)

i=1,..n = - tn3/2 )

Pu( min S’z > O, S’k > t\/ﬁ’ S’n = ?}) S CJF mln(u + 17 \/ﬁ) mln(v + 17 \/ﬁ> 6—c+t2’

i=1,..on = tn3/?

for all n/3 < k <2n/3, and all tx <t < n®. Both bounds are proved in Lemma 7.4.

1.3 Some remarks and open questions

We collect here various observations and remarks about our setup, hypotheses, and
results.

One can first wonder about the optimality of the hypotheses for the positivity
results described in Section 1.2.1. First, we have that our hypotheses

E(X)=0, E(Xlxs)>s, BE(X") <A,
for some s, A € (0, 400), could be replaced by asking instead
E(X)=0, E(X?) >a, E(X*<A,
for some a, A € (0,400). This is the content of Lemma 1.1.

Lemma 1.1. Let A > 0. Let X be a real random variable with E(X*) < A, E(X) = 0.
Then,

o for any s >0, E(X1x~o) > s implies F(X?) > 4s%;
e for any o >0, B(X?) > 02 implies E(X1xs0) > #;71'
Proof. First, note that as E(X) =0, E(X1xso) = —E(X1x<) so
E(|X]) = 2E(XTx>0)-
Suppose first that E(X1y~) > s > 0. Then, by Jensen inequality
E(X?) > E(|X])* > 45,
Suppose then that F(X?) > 02 > 0. We have for K > 0,

E(1X]) 2 BE(XTx<x) = gE(X*Lixi<k) = % (B(X?) = E(X*1ixp2k))
> L(o? = B(XY)'?P(IX] > K)'?) > L(o* - VALS).

3

o
2v2A

Choosing K = v2A/0, we get E(|X|) > and thus B(X1yo) > —%. O

4
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Them, looking at the proofs of Lemmas 3.6, 3.8, one can notice that the same
proofs will work under a 3 + ¢ uniform moment condition for any fixed ¢ > 0. We
believe (but did not check carefully) that mild adaptations of our arguments will allow
to handle the case of a uniform third moment. We however have no idea how to treat
lower uniform moments, and extending the results described in Section 1.2.2 to this
case will probably requires new ideas. Obtaining optimal moment condition seems to
be a nice open problem. The “obvious” tentative of asking a second moment uniformly
bounded away from 0 and o0 fails as is shown in Remark 1.1.

Remark 1.1. One could think that a condition of the form E(X) = 0 and 0? <
E(X?) <o for some o_,0, € (0,400) would be the optimal condition. It is not the
case as the following example demonstrates. Let X1, X, ... be an independent sequence
of random variables with law

1

P(Xi:i+1)=P(Xi:_i_l):m7

P(X;=0)=1- 1

Gt1)2

These variables satisfy E(X;) =0, and E(X?) = 1. But, for any u > 0,

in S;>0) > P, (N {X; =0}) > exp<_§ Zﬂ) = exp(—27%/9),

=1

Pu(

i=1

which is uniformly lower bounded over n. One should thus (at least) either ask for a
uniform upper bound on strictly more than 2 moments, or a lower bound on strictly
less than 2 moments.

Remark 1.2. The point-wise estimates that we prove in Sections 5, 6, and 7 rely on an
inhomogeneous version of the Local Limit Theorem (Theorem 4.1). We work under an
exponential moment condition as our motivation comes from walks with exponential
moments. The results/proofs relying on the LLT extend to “only” a fourth moment
condition and the “uniform aperiodicity condition” once one adds the restriction that
the endpoint is in the CLT (O(y/n)) regime.

2 Setup, notations, conventions

2.1 General notations

If (a;)ier, (bi)ier are two indexed collections of real numbers, we will write a < b for
a; < b; for all ¢ € I. We will often leave the choice of I implicit in the notation
when there is no risk of confusion. For ¢ € R, we also write a > ¢ as a shorthand for
a; > cVi el

2.2 Probability measures and walks

We will work on some abstract probability space (£, F, P), and suppose that it is large
enough to contain all the needed variables.



General walks

For definiteness, Sy will be a N'(0, 1) random variable, independent of everything else.
The particular distribution of Sy will not play any role, as we will always condition on
its value. For a sequence of random variables X7, X, ..., we define

Sk = iX X;=X;, - E(X;), Spn= i)‘( 1<k<n.

i=k i=k
We also will often use the notations

m; = E(S1,), B;= Var(S,).
We also define the walk started at Sp:
Sy = S0+ Sin, S, =S, + 5'1,,1,
and the first return time to the lower half space
T =min{k >1: Sy <O0}.

Finally, we will use the notation

Integer-valued walks

We say that a Z-valued random variable X is aperiodic and /or irreducible if the random
walk with i.i.d. steps having the law of X is. Denote My the set of probability measures
on Z identified with the set or sequences in [0,1]% summing to 1. We say that a
probability measure p € My is aperiodic and /or irreducible if a random variable having
law p is. We shall also say that a sequence a € [0, 1]Z is aperiodic and /or irreducible if
there is an aperiodic/irreducible probability measure p € My, and positive numbers
b; > 0,i € Z such that a; = b;p(i). For 6,¢ > 0, a € [0, 1]%, define

Se= {p € Mz : sup Zp(n)em <ec, p(i) >a; Vi€ Z}.

[t1<6 ez,

Note that for any a, 9, ¢, Mg . is compact. Moreover, if a is irreducible and /or aperiodic,
so are every p € M5 .. Note that when a is irreducible,

0<o_(a,d,c):= inf Var,(X) < sup Var,(X)=0.(a,d,c) <o

pEMg,c pEngc

where X ~ p. For p € My with some exponential moments, we will denote

My(2) =) p(k)e™,  Hy(z) = In(M,(=)),

keZ
1y = E,(X) = H/(0), o, = Var,(X) = H}(0),

where X ~ p.



2.3 Constants

Numbered constants of the form ¢y, ¢y, C;, Cs, . .. have a value that is fixed throughout
the paper, while the use of non-numbered constants like ¢, C, ¢/, C’, ... will be allowed
to vary from line to line in the course of a proof, and are depending only on parameters
which values are fixed in the concerned theorem/lemma.

2.4 Some generalities about walks
We collect a few standard facts about random walks that we will use repeatedly.
1. If Xy,...,X, is an independent sequence of real random variables, the random

vector (X1,...,X,) satisfies the FKG inequality for the coordinate-wise partial
order on R".

2. If (Xg)k>1 is an independent sequence of centred real random variables, (Sy,)n>0
is a martingale (for the canonical filtration).

3. If Xy,..., X, is an independent sequence of centred real random variables, u € R,
and h : R™ — R is a function, (Sg)}_, is a submartingale (for the canonical filtra-
tion) under the measures P, (- | min;—;,__, S; —h; > 0) and P, (- | min;—; _, S; —
hi > 0). Indeed, denoting A;(r) = {X; > r}, for i > 0, one has that, almost
surely,

Eu(Si—l-l } Xl, . 7Xz'7 m?zlAjulj - Sj—l))
=5 + Eu(XiJrl ‘ Si, m?:H_lAj(hj - Sj71>) > 5 + E(Xi+1> =5

where we used the Markov’s property and that N%_;,, A;(h; —S;_1) is an increas-
ing event for (X;i1,...,X,).

Finally, we will often use the following classical large deviation bound.

Lemma 2.1. Let ¢y, 80,0- > 0. Then, there is ¢, p € (0,+00) such that the following
holds. For anyn > 1, any X4,..., X, independent sequence of random variables with

E(X;) =0, E(X?)>0o%, sup BE(e™)<cy, i=1,...,n,

[2[<d0

Py(Sp>1t) <

{eCtQ/" if t < pn,

e if t > pn.

Proof. First, as the X;’s are centred with uniform exponential moments, there is o > 0
depending only on ¢y, §y such that for |z| < r,

In B(e*X0) = Var(X,)5 + O(2%),

with O(2?) being uniform over the law of X;. Thus, as Var(X;) > o2, there is ¢ > 0
depending only on c¢g, dg, o such that for any z small enough,

In B(e**) < ¢z

8



In particular, for those values of z,
E(ezsn) S 6cz2n (1)

In particular, taking z = ﬁ and using Chebychev’s inequality, we get that for ¢ less
than pn for some p > 0, B
Py(S, >t) < exp(—t2/4cn),

which is the first part of the claim. The second part follows again from Chebychev’s
inequality: taking z > 0 small enough in (1), and using Chebychev’s inequality, we
get that for ¢t > pn,

PO(gn > t) < e(:ZQnefzt < e(czfp)znefzt/Q < 67275/2_ =

3 'Trajectory estimates: general walks

The first class of results concern general walks with free endpoint.

3.1 Inhomogeneous CLT

Theorem 3.1. Let A > 0, n > 1. Let X4,...,X, be an independent sequence of
random variables with

E(X;)) =0, EBE(Xi®)<A i=1,...,n

Then,
CAn
_1 _ -
sup P(7=Sin < a) = P(N(0,1) < x)‘ S i
where C' > 0 is a universal constant.
Proof. This is a particular case of [7, Chapter V, Theorem 3. O

3.2 Small ball probabilities

The results in the section are all relatively direct consequences of Doob’s submartingale
inequality and of the inhomogeneous CLT (Theorem 3.1).

Lemma 3.2. Let A > 0, n > 1 and let X4,...,X,, be an independent sequence of

.....

An
Po(max |91 < A) 2 1= 55
Proof. This follows directly from Doob’s submartingale inequality. O

Lemma 3.3. Let A >0, 0 > 0. There are ¢ > 0, \g > 0, ng > 1, such that for any
n > ng and X1, ..., X, independent sequence of random variables with

BE(X;) =0, B(X|’)<A E(X})=0"
one has the following. For any X\ > Ag,
Po(iglax 1Si| <A, [Sa] < A/2) > exp(—$%).

..... n

9
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Figure 1: Construction in the proof of Lemma 3.3: the path is forced to pass through the interval
[—A/2,\/2] at each time Lq,..., Ly_;.

Proof. Let € > 0 to be fixed later. Let £ = [n(eA\)™2]. Let 0 =Ly < Ly <---<Ly=n
be integers such that

(6)\)2 > Lz - Li—l < 2(6)\)2, 1= ]., cen ,f.

Note that this requires \g,ng large enough as a function of e. Now, introduce (see
Figure 1)

-----

By Lemma 3.2, one has that for any i = 1,...,¢, and x € [-\/2, \/2],
P({izLiflllif..,Li 8il < AM|Sey =) 2 P({izLi?-%f..,Li S < A2} S1., = 0)
4A2B(L; — Li_y)
>1- 2

> 1 — 8A%/3¢2,

Also, by the CLT (Theorem 3.1), one has

P(Sp, € [-A/2,7/2] | 1, =) >

1
4

as soon as € is small enough, and ) is large enough as a function of A, c. Combining

the two, we get
P<Di|SLi—1 :x) > %

as soon as € is small enough, and )\ is large enough. A direct induction and Markov’s
property yields

Po(gllax 1Si] <A, |Sa] < A/2) > Py(Ni_,D;) > 87,

n

.....

which gives the wanted claim. O]

Lemma 3.4. Let A > 0, 0 > 0. There are ¢ > 0, \g > 0, ng > 1, such that for any
n > ng and Xq,..., X, independent sequence of random variables with

E(X;) =0, E(X;*) <A, EX}) >o°
one has the following. For any /n > X\ > Ao,

Po(iglax |S;| < )\) < exp(—i—g‘).

..... n
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Figure 2: Construction in the proof of Lemma 3.4: the path is forced to remain in the interval [— X, ]

and has to pass through the interval [—A, A] at each time Lq,..., Ly, but is unconstrained otherwise.

Proof. Let £ = [nA™?]. Let 0= Ly < L; < --- < Ly = n be integers such that
IN<SLi—Li 1 <N i=1,... L
Now, for any |z| < A, and any i € {1,...,(},
P(|SLi| <\ } Sp._, = x) <e ¢

for some ¢ > 0 depending on A, o by the CLT (Theorem 3.1). Then, a direct induction
yields
PO(EIllaX 1Si] < A) < Po(Ni_i{|Sr,| < A}) < e,

..... n

which is the claim. OJ

3.3 Positivity probabilities

This section builds on the proof presented in Appendix A. We therefore encourage the
reader to first look at Appendix A before reading the present section.

Lower bound

We start by a preliminary “truncation Lemma”.

Lemma 3.5. Let « > 1. Let A > 0. Let X be a random variable such that E(X) =0
and E(|X|*) < A. Then, for any K > 1, one can construct a random variable Y and
a coupling QQ of X,Y such that

A+1
Ko -

EY)=0, PlY|<(A+1K)=1 QX #Y)<
Moreover, forp > 1,

E(Y?) < 27 (B(IX]) + KP=° A7),
E(Y?) > E(X?) — AK>* —22K*>  ifa>2.

11



Proof. Let X be as in the statement. Let K > 0. Let then £ be a Bernoulli random
variable of parameter K¢ defined on the same space as X and independent from X.
Set x = K*E(X1x|>x) and define

Y = X1x<k + €.
It is centred:
E(Y) = E(X1x<x) + 2K~ = —E(X1|x5x) + 2K~ = 0.

The variable X1 x|<k is taking values in [— K, K], so we need to check that |z| is not
too large. By Holder’s and Chebychev’s inequalities, = satisfies

o] < KYE(|X|*)YP(IX] > K) Y < KeB(IX|")Y(B(|X|*) K~V < KA,
which is the second property of the wanted random variable. Then,
PX#Y)<P{¢=1}U{|X|>K}) <K *+P(|X|>K) <K “(1+A),
which is the third property. Now, for p > 1, Jensen inequality gives
B(Y ) < 27 (BOXPLixiex) + 2P E(©) < 207 (E(X]P) + K~ A7),
Finally, for o > 2,

E<Y2) = E(Xz) - E(Xz]l\X|>K) + 2 K™ — 222 K
> B(X?) — AK*™* —2A*K*™*. [

Lemma 3.6. Let A > 0,A" > 0,s > 0. Then, there is ¢ > 0 such that for any n > 1,
X1,..., X, independent sequence of real random variables with

E(X;))=0, E(X)<A BEXdxs)>s, i=1,...,n,

and any 0 < u < A'\/n,
c(lu+1)

T
Proof. We follow the same strategy as the lower bound for bounded random variables
of Appendix A. There, the key was that upward increments were bounded, but a
direct inspection of the argument shows that the real ingredient was that for n large
enough, upward increments were bounded by /n. For i = 1,... n, let Y; be the
random variable obtained via Lemma 3.5 with K = y/n, @ = 4. As the X;’s form an
independent family, we can assume that the Y/s are defined on the same space as the

X!s, and that ((X;, Y;))?:l forms an independent family of random vectors.
Let Zy = Sy and Z; = Z;,_1 + Y, be the random walk associated to the Y;’s. Define

Pt >n)>

7 =min{k >1: Z; <0}.
Let D =N ,{X; =Y;}. We then have
Pt >mn)> P,(7" >n, D) > P,(7 >n)— P(D°).

12



Now, P(D°) < (Aj—zl)” by Lemma 3.5 and a union bound. We therefore need to lower

bound P,(7" > n). Note that as the Y;’s are centred, Z is a martingale. Thus, by the
optional stopping Theorem, for u > 0,
uw=FE,(Zyn) =P, >n)E,(Z,| T >n)+ E(Zy 1<)
< P,J(7" >n)E,(Z,|T > n).

Now, let L be some large number to be fixed later and define T'= min{k > 0: Z; >
Ly/n}. One has

EZy|7 >n) =Lspya(ut Bu(Zin |7 >n) + Lucryn O Bu(lr—Z, |7 > n)
k=1

-+ ]lu<L\/ﬁEu(]lT>nZn ‘ 7'/ > n)

Since 17,2, < Ly/n, the third term is smaller than Ly/n. Moreover, using Markov’s
property, we obtain

E(Lp—iZy | 7' > n) = Ey(Lr—k(Zi—1 + Y + E(Zjs10 | Zi, 7' > 1)) ‘ 7 >n)
< E,(Lr—((A+ 1+ L)Wn+ E(Zgian | Zi, 7 > n)) |7 > n).
Now, for any v > Ly/n, k > 0,
E(Z;

P (mini:kﬂ

1/2
E(Zk—i-l,n ’ Zk =, 7'/ > n) S +1,n)

.....

Moreover, for any v > Ly/n,

E(Zngrl,n)

P( min Z;>0|Zy=v) > P( max |Zpy1s| < Lyn)>1-— 72
n n n

i=k+1,..., i=k+1,...,

by Doob’s submartingale inequality. As E(Z} +1,n) < 3nV/A for n large enough by
Lemma 3.5, we obtain that for the choice L = 2A4Y*, and v as before,

E(Zyyin | Zr =v,7" > n) < 332 AY4 /.
Using this, we obtain
Ey(Ip—pZy |7 > n) < Vn(A+14 244 4 332AVNP(T = k|1 > n),
and thus
E(Z, |7 >n) <Lspym(u+Cyvn)+1,.0,:CVn,

for some C' > 0 depending only on A. Using this in the equation obtained via the
optional stopping Theorem, we get that for u < A'y/n,

u
(C+ A)y/n’
therefore, for n large enough as a function of A,

u A+ S u
(C+ AN/n n  — 2(C+ A)n’
for any A’\/n > u > 1. The cases u € [0,1), and n small are handled as in proof of
Theorem A.1 using the lower bound on F(X;1x,~0). ]

P.(T" >n)>

P,(r>n)>

13



y
T

n
Figure 3: Upper bound in Lemma 3.7: If the random walk trajectory reaches a height above C/n,

then splitting the path at the first such point, as in the picture, shows that the final height is the
sum of three terms of order at most /n.

Moments bounds

Lemma 3.7. Let A > 0,s > 0. Then, there are ¢,d > 0 such that for any n > 1,
X1,..., X, independent sequence of real random variables with

E(X;)=0, E(X}))<A E(Xlxs)>s i=1,...,n,
one has for anyu >0, k=1,...,n,
E“(zgaxn Sf ’ T > n) < 12u* + en,
E,(Sk|T>n)> (V4 u).

Proof. Start with the lower bound. As {7 > n} is an increasing event in the X;’s, and
max(Sk, 0) is an increasing functions of the X;’s, we have that by the FKG inequality,

E,(Sk| T >n) = E,(max(Sk,0) |7 > n) > E,(max(S,0))
= By(max(Sy +u,0)) > Py(Sk > VE)(VE + ).

But Py(S, > vk) > ¢ for some ¢ > 0 depending only on A, s by the inhomogeneous
CLT (Theorem 3.1).

Turn now to the upper bound. Set A’ = \/A. Under P,(-|7 > n), (S;)7, is a
submartingale (see Section 2.4). Thus, by Doob’s submartingale inequality,

2 < 2 :
E, (izlf?(,:n S} T >n) <AE,(S2|T>n)
Now, define
7 =min{k >0: S, > V2A4'n}.
Then,

EU(STQL | T > n) < 2A'n + ZEU(SZ]IT/:k ‘ T > n)

k=0

14



Now, for any v > vV2A'n and k € {0,1,...,n — 1},

E(Sii1,)
9 . ‘ _ < k+1,n
E(Stiin | Join S; >0, Sp=v) < P (it 55 > 0] S5 = 0)
A'(n - ]{5) < A/(TL B k) < 2A/n

-----

- P(maXi:k n Skl < V2A/”) 1 A;(Z'_nk) B

by our Hypotheses and Lemma 3.2. Then, as S? = (Sy_1 + Xi + Skr1.0)? < 3(S7_, +
X? + S,%HW) for k > 1, one has that by the previous display, setting Xy = 0,

E, (S,QL]IT/:k ‘ T > n) < 3Eu((u2 +2A'n + X,f +2A') 11—y | T > n)

Now,

n n

Y E(XPlooy|T>n) <> E(X} 7> n)

k=1 k=1

D=
D=

Pu(TIIk“T>n)

D=

< cA’nl/ZZPu(T’ = k‘T > n)

k=1

< cA'n

where we used Cauchy-Schwartz inequality in the first inequality, Jensen’s in the third,
and the second follows from Lemma 3.6 and our Hypotheses:

E(X})

Combining everything, we obtained
Eu(Sfl | T > n) < 3u?+ 14An + 3ZE(X,f]lT/:k | T > n) < 3u?+Cn
k=1

for some C' € (0, +00). This is the claim. O

Upper bound

Lemma 3.8. Let A > 0,s > 0. Then, there is ¢ > 0 such that for any n > 1,
X1, ..., X, independent sequence of real random variables with

E(X;) =0, B(X}))<A, EX]dx-s)>s, i=1,...,n,

one has for any u > 0,
clu+1)

Voo
Proof. We proceed in several steps. We first prove an upper bound valid for large
values of the starting point.

Pu(T > n) <

Claim 1. There is C > 0 depending only on A, s such that for u > n'/*,

P,(r>n)< oL,

NG
15



Proof. First, by the optional stopping Theorem, for u > 0,

u = Ey(Sran) = Pu(t > n)E(Sy |7 >n) + Y Eu(Sklo)

k=1

> Py(r > n)dvn =Y AVP(r = k)*/* > Pu(r > n)dv/n — AVl
k=1

where ¢ > 0 depends only on A, s, and we used Lemma 3.7, S; > —|X,|, Holder’s
inequality, and our moment assumption in the first inequality, and Jensen’s inequality
in the second. Re-arranging, this implies

u+ AYVApl/4
dyn

which is the wanted claim. O

P,(r>n) <

Then, we upgrade this to a bound on the tails of 7 up to a log-correction.
Claim 2. There are C,c > 0 depending only on A, s such that for u > 0,
(In(n + 1))°
i
Proof. Suppose u < n'/* (otherwise the claim follows from Claim 1). Let r = 1/2. Let

L = [n"]. First, by Claim 1, for n larger than some universal ny > 3 (3 is taken for
later convenience and bears no particular importance),

P,(r>n)<C(u+1)

P,(r>n)=E,(L»,P(t > n|51,...,5))
< Ey(Lr>.(Lg,5pr2P( min  S;>0[5L)

j=L+1,...,
1 /2
HlsgenP(_pin 852 015, =)

nr/2
S Eu (17>L(15L2n1-/2% ‘l’ ]}‘SL§7L7'/2\C/T7L))

< f/_%Eu<]lT>L(SL + nT/Q))
as v — P(min;_41  ,S; > 0|S, =v) is increasing in v. But now, by Lemma 3.7,

EU(SL‘T > L) < u+cVL < dn'?

So, we obtained that there is ¢ > 1 such that for u < n"/2, n > ny,

P,(r>n)< C’\%zPu(T >n').

Define .
k, =min{k >1: n" < max(u*, ng)}.

By the previously obtained bound and a direct induction, we obtain

P(r>n)<lP(r>n") <@ en’” /2
u = n TUu — /n nr/2

P(r>n")<---< %nTku/2Pu(T > ).

16



Now, k, < 11‘1(11?((;;?)’ so for u < ng/Q,

(In(n))®

Py(r > n) < 0L

Vn
for some C,c > 0, as n™" < ng in that case. On the other hand, if u > ng/Q,

cku pku rhu chu In(n))°
P, >n) < n /QPU(T >n"") < C%u < C’u%

for some C, ¢ > 0, by Claim 1 as n™" < u* in this case. n

Claim 3. Let € > 0. There is ¢ > 0 depending only on A, s, € such that for u > 0,

c(u,—I— 1)‘

—€

P,(r=n)<

=3
Proof. Let f(k) = C % with C ¢ given by Claim 2. We can always suppose n
large enough. First, we claim that there is ¢ > 0 depending only on A, s such that for
any n,

1
sup P, (7 >n, S, € [z, +1]) < clutl)

zeR \/ﬁ

Indeed, letting L = [n/2], we can use inclusion of events and the Markov property to
write

f(n). (2)

P(T >n, S, € [x,x+1]) S/ dyPu(T > L, S e dy)P(Sn € [z,x+1]| S, =y).
0

But, using the triangle inequality and Theorem 3.1, P(S,, € [z,z + 1]| S, =vy) < \/Lﬁ
uniformly over z,y (a term ¢/y/n comes from the error committed by replacing S,, — S,
by a centred Gaussian with the same variance, and another ¢/y/n comes from upper

bounding the event that the Gaussian is in [z — y,x — y + 1]). So,

/ dyPu(T > L, S € dy)P(Sn € [z,x+1]|SL =y)
0

Py(r> L) < —=(u+1)f(L),

Sie

< ©
J— ﬁ
by Claim 2. Introduce the backward walk
Sk =Sk1— Xn_k

Still letting L = |n/2], L' = n — L — 1, we therefore have that by Markov property

17



and our Hypotheses on the moments of the X;’s,

P( :n) E ( T>LE< ming—z 1, n 15>0P(X < Sn 1|Sn 1) SL)>
C
T>LE< Ming_p 41, 1S>0m >>

. C
— Eu ]17— ]]. _ —P . : Z ‘ S,
; < >L Sn 1€[k,k+1) (1 + Sn_1)4 (i:L—{—Ill},?,[,{n—l S O SL S 1>)
o) c )
< kzg (1 + k)4Eu <]1T>L]]~Sn—1€[k,k+1)P< IEH} S@ > Sn 1 SL/ SL — Snfl; So = 0))
00 c _ i )
< / ) N B
< kzzo (1+ k)4Eu <]17->LP<SL € (Sp, 5. + 1], i:H}.l.ElL, S:>0|So=k+ 1))
= Z c bt )f(L/)Pu(T > L) < C<u i )f(n)Q,

1 VI Vi

??‘
O

where we globally translated S by k + 1 in the third inequality, and used (2), and
Claim 2 in the last line. Using (In(n+1))* < c(e,a)n for any a,e > 0 gives the
wanted claim. O

We are now ready to conclude. By Doob’s optional stopping Theorem,

k=1
But now,
S Bul(Silemi) = = Y B[ Xallrmi) > = Y B(X[) VP (7 = k)
k=1 k=1 k=1

n

> A4, (ut D)3 —Cu+1)3/4,

L33/32  —

b
Il

where we used Claim 3 with e = 1/8 in the third inequality. Combining this with the
fact that by Lemma 3.7, E,(S, |7 > n) > \/n for some ¢ > 0 depending only on
A, s, we obtain

u+ Cu + 1)3/4 - c(u+1)

N -

P,(r>n) <

4 Inhomogeneous Local Limit Theorem

The main tool we will use to convert “free endpoint” estimates to estimates on bridges
or excursions is an inhomogeneous version of the Local Limit Theorem.

Theorem 4.1. Let § > 0, ¢y < 0o, a € [0,1]% be irreducible and aperiodic. Let
a € [0,2/3). Then, there existng > 1, C' > 0, such that for any X1, Xo, ... independent

18



the following holds. For

sequence of Z-valued random variables with laws in M
any n > ng, y € Z with |y — Eo(Sy,)| < n®

a
00,07

exp(—C’n‘ min(z—ga,1/3)) < QﬂBne(y—mn)yanPO(Sn —y) < exp(cn—min(Q—Sa,1/3))

where By = Y% Var(X;), my = E(S).

Proof. Use the shorthands M = M§ . and P = F. We start by some observa-
tions/definitions which follow from our Hypotheses, and that will be used in the proof.

1. For every i > 1,

0<o? = in/aofjé Sup(f;g = Ui < 00.
pe pEM

2. There exists dyp > 4r > 0 such that for all p € M, z — Hp(z) is analytic in the
disc Dy, = {z € C : |z| < 4r}. Fix such an r for the rest of the proof.
3. For any b > 0, there exists ¢, > 0 such that

M, (X + i6)
My(A)

sup sup  sup ‘_ T

pEM AE[—r,r] b<|0|<T
Indeed, without the sup over p, it is a consequence of aperiodicity of p. The
bound with the sup over p then follows from compactness of M.

Introduce then .
¢, = — sup sup |H,(2)|,
55 5P MS%I p(2)]
with 7 given in Observation 2. Note that the sup above is finite by compactness of M
(recall that H, is well defined and analytic on Dy, for any p € M). This will be used
to bound the error term in second-order Taylor approximations of H,’s. Note already
that for any |z| < r, Cauchy integral formula gives

‘ng?’)(zﬂ < sup |Hpy(w)| < 3¢, (3)

(27”)3 |w—z|=2r
as {w : |z —w| <2r} C Dy, for |z| <.
4. One has that for any p € M, A € (—r, 1), z € D,,

2 3 B H
Hy(+2) — Hy(N) — 2HJ(0) — 2| < 2Rl ()

2T e - )

< CT|Z|37

where the bound follows from Cauchy’s integral formula (z — H,(\ + 2) is
analytic on a domain containing the closure of D,,.).

5. One has, with r still given by Observation 2,
vy = inf inf HJ(A) > 0.

pEM N <r

This follows from the definition and compactness of M x [—r, 7], and from the
irreducibility of a. Indeed, H)'()) is the variance of %p(w), which is controlled

by a and the uniform bounds one has on A and M,(\).
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Let then X1, Xs,... be as in the statement. For ¢ > 1, denote
M;(2) = E(e*X), Hi(z) = In(M;(2)), o = Var(X;).

Also, for n > 1, define

6. For any n > 1, A € (—r,r), the function z — H, (X + z) is well defined and
analytic in Dg,.. Moreover, by Observation 4, for z € D,,

2
’]I—]In()\ 42) —H(\) — H. (\)z — %HZ(/\)‘ < ne2|’.

7. Finally, as n® = o(n), there exists na > 0 (uniform over Xy, X, ...) such that
for any n > na, and any x € Z with |z — m,,| < n®, there exists A € (—r, ) such
that H/ (A\) = z, and |\| < u;—’::"' Indeed, for |t| < r, using Observation 5

t
|]H['n(t) —H;(O)‘ = ‘/0 dsHZ(S)‘ > nylt|.

Recalling that H/ (0) = m,,, using the lower bound and the Intermediate Value
Theorem gives the existence of the required A as soon as n®! < vr. Moreover,
for the choice of A corresponding to x, one has H,(A\) — H/ (0) = = — m,,, giving
the upper bound on |\|.

We are now ready to start the main part of the proof. For A\ € (—r,7), introduce X},
7 > 1 an independent family of random variables with

P(X} =) = ﬁpxwem,

and denote S; the associated random walk.
Define
ny = max(na, c).
with na given in Observation 7. Let now n > ng, y € Z with |y —m,| < n® Let
A € [-Z 2] be such that H/ (\) = y. Then, one has

m? yn
P(Sn = y) = Mn()\>E(1S’r){:y6*)\ Z?:l X?) — eHn()\)*)\yP(S’i\ = /y) (4)

We then estimate the probability in the last expression. Note that the characteristic

function of S at @ is given by M&’/H(:(J;i)e). From the Fourier inversion formula, one has
1 [" 00 M, (X +10)

PS)=y)=— [ die —" 5

(S =) 27r/,, ML (5)

L
18°

/_Wdef(e) :AM_%H d&f(9)+/rl_%+€§0<6d9f(0)+/6§9§7rd9f(9)1,

N N 7 N
-~ -
=1 =1les

Letting 6 = min(r, 7, 7=-), and € = one can split the integral into three parts:

~~
=I5
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with f(0) = 6_199%&;@). To estimate I, we use Observation 3: one obtains

M; (X +10)
W< [ TR g ;
| 5] e 11 M0 (6)

for some ¢; > 0 depending only on ¢ (and do, co,a). Then, we can use the expansion
of Observation 6 to handle I s:

2
/ dee—iOyeHn()\+i9)—Hn()\)‘ </ dge—%H;{(/\)—i-ncr\Hp
nETe<|9|<s -3

n~21e<|0|<6

‘1675| =

5
< / dfe—"0*(1=2¢r8)/2 ~ o / dhe= P/ < 2 (7)
-~ i §+E<‘0|<5 - n7%+5 =

where we used Observation 5, H/ (A) = y, and the choice of § in the second line.
Remains to control the leading term: I.. First, we again use the expansion of Obser-
vation 6

e

n . P 2 //
[ = / L d0e—i09 GOHL ()~ ZHL(N) R - / dpeBHNRENT  (g)

—-n

with |R(6)| < nc,|8|°, where we used that by choice of A, H/,(\) = y, and we changed
variable to ¢ = \/nf. Then,

‘/ dope” S MO — = ‘5 ZWCTen_l/‘g—irzn_ee_f”%
VHL(A)/n

val g
as |V — 1| < c.en™/3 for |¢| < nf (recall €=

_
18, and n > ¢3) foo dpe™ MmN <
1n=e=3" and I dgbe‘ﬂH" N = ‘ﬁ Plugging this in (8), one gets

v 1/ /n

Cl —5/6 (9)

I 1

€ W J—
where C is some constant depending only on 7, ¢,. Injecting (6), (7), and (9) into (5),
one obtains

‘P n=5/6, (10)

=9~ eyl <©
for some C5y depending only on 0, ¢,., 7. Remalns to estimate H (A) and H,,(A) — Ay to
go from (4) to the theorem. As [A[ < 27, one has, using (3),

|H (\) — H;;(O)} < 3enA < 2 (11)
In particular, as H”(0) = B,, > yn,

H”(X)

‘ B( 1‘ < SCrna 1 < Cf n- 37 (12)

where C} is a constant depending only on ¢,,~y. Then,

’Hn()\) —maA— 2B,

< Lepda—? (13)
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as |\ < %no‘_l. Next, we have, with o = y — m,,,

A2 B, ( z2 x 2 x2 _ 22 2
TB”_)‘ZE:T(ﬁ—i_QAB_n—’_A )—B—n—[EA——E—i‘%A Bn,
with A = A — -, Finally, as H »(A) =y, we get (again using Cauchy’s integral formula
to estimate the error term)

1"

= /D AdsH;;(s) = AHL,(0) + /D AdsR(S)

with |R(s)| < c,n|s|. In particular, (recall H, (0) = B,)

n2o¢—1
Al = ‘ .
A B B

_ /\‘
- 28
So, |A?B,| < Cyn**=3 for some Cy depending on v, ¢,. Gathering everything from (13),

we get
2

H,() - (14)

for some C5 depending on 7, ¢,.
We are now ready to conclude. From (10) and Observation 1, one has

|P(S) = y)/2rH; (N) — 1| < Cen™'?, (15)

with Cg depending only on o, ¢,,~y. In particular, one has that by (12)

|P(S) =y)v/2rB, — 1] < Cn™V/3, (16)

for some C7 depending on o, ¢,,y. Plugging this and (14) in (4) gives the claim. [

5 Small ball for lattice bridges

We now consider walk with steps in M§ . and prove a refined version of the small-ball
estimates at scale \/n for bridges. We look at the probability that the walk stays close
to the convex hull of its endpoints, which are allowed to be at distance > /n from
one another. We chose to present the argument divided into several Lemmas, as we
believe that the procedure can be useful in estimating more complicated events than
small-ball probabilities.

5.1 Coarse-Graining estimate

Lemma 5.1. Let &y, co € (0,00), and a € [0,1]% be irreducible and aperiodic. Let
a € [0,2/3). Then, there exist ng > 1, /,c,e > 0, C' > 0 such that the following holds.
For any n > ng, any independent sequence of random variables Xy, ..., X, all having
law in M3, ., any v € Z —my, with |x| <n®, and any K > 0,

Py( max d(Sk,[0,2]) > K|S, =2) <

k=1,...,m

Cn3/2€c’172/n€—cK2/n ZfK < en,
Cnd/2ec' s Ing=—cK if K> en,

where my, = Fo(Sk).
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Proof. Use the shorthand P = F,. Consider the case z > 0. x < 0 is treated in the
exact same way. We start with a union bound:

P(kmax d(Sy, [0,2]) > K | S, = z)

" P({Sh < —K}U {50 — S < —K}).

k=1

1
~ P(S,=xz+m,)

Then, one has from Theorem 4.1 that there are ¢ > 0,ny > 1 uniform over the sequence
Xi,..., X, such that, if n > nJ,

P(S,=x4+my,) > i6_9"2/5”,

vn
where By = Var(Sg). Then,
P({Sy < —K}U{S, - S < —K}) < P(S; < —K) + P(S, — S < —K).

To conclude the proof, use that, by Lemma 2.1, for any 1 < k < n, and any sequence
Yi,..., Y, with laws in M§,

e K i K < en
Pllviy =Y+ 4+ —-Y)>K) < ) -7
(( ! 1) (v k)2 )_ {e‘CK if K > en,

where v; = E(Y;), and €, ¢ > 0 depend only on &y, ¢, a. ]

5.2 Gaussian Swapping

We then prove an “approximation by Gaussian” result. For a > 0, n > 1,0 = Ly <
L, <--- < L,, =n introduce

CtrIncy (Lo, ..., L) = {z e R™" ¢ o, —xp, | < |Li— Lia|%i=1,...,m}. (17

Lemma 5.2. With the same setup as Lemma 5.1, for any o € [0,2/3), there are
no,¢ > 0, such that for any sequence Xi,..., X, with laws in M . the following
holds. For anyl>1, any Lo =0< Ly <--- < L; =n with

Li_Li—IZn(b Z.:]-?"wla

and any €1, . .. €y € (0,1], one has that for every sets Iy C Z—my,,..., I CZ—my,,

!
Hle e(Li—Li-1)™? p <ﬁ§=1{ZL¢ € I;} N{Z € CtrInc (Lo, .. .,Ll)})

€
=1

< BNl {5n, € [} N {S € Culncs (Lo, ..., L)})

| AN

!
l_Iel e(Li=Li-1) (ﬁﬁzl{ZLi e I;} n{Z e CtrInc} (Lo, . .. ,Ll)}>

where f = min(2 — 3a,1/3), [; = Uzer [z — €/2,2 + €;/2], and Z is a random walk
with independent increments of law Zy, — Zy—1 ~ N (0, Var(Xy)).
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Figure 4: Construction in the proof of Lemma 5.2: The increments between times Ly and Lj41 have
to lie in the yellow region.

The ¢;’s allow to take limits to deal with measures conditioned on the value of

Sy L.

Proof. Let a € [0,2/3) and set = min(2 — 3, 1/3). The claim follows straightfor-
wardly from the Local Limit Theorem 4.1, and the observation that for any A > 0,
e>0,zeR,

e

b

x+e/2 z+e/2
leqx/(m)/ due—5 < e~%x < leelx/(2A)+62/(8A)/ due— 5
€ z—e/2 € r—e€/2

Indeed, the constraint on the increments of (SLO,SLl,---,ng) gives that one can
approximate the transitions P(S;, = y|Sr,_, = x), using Theorem 4.1, by the
probability for a Gaussian with variance 35 1,41 Var(Xg) to fall into the inter-

val [y —x —€;/2,y — x4 ¢;/2] up to an error factor lower, respectively upper, bounded
by
%efc(Li*Lifl)fﬁfc/‘zfy|ei/(Li7L¢71) Z %efé(Li*Lifl)iﬁ’

ieC(Li—Li—1)_5+C/|$—y|€i/(Li—Li—1)+c//6?/(Li—Li—1) < leﬁ(Li—Li—l)_B

€ — € 9

as, by assumption, |z —y| < (L; — Li—1)® < (L; — Li_)?/>. O

5.3 Small ball estimates: Gaussian case

Theorem 5.3. Let o, € (0,+00). Then, for anyn > 1, any s > 0, any z € R, any
o1,...,0, €10,04], and independent sequence X, ..., X, with X; ~ N(0,0?),

Po(igl?.}fnd(si’ [0,2]) < sv/n|S, =1z)>0,(s/o})

where O ,(z) = z:kez(—l)ke_%%2 > 0 for z > 0 is a Jacobi Theta Function. In
particular, for any € > 0, there is z. > 0 such that for any z € (0, z),

O,(2) > exp(—(l + e)%).

Proof. Let 0. > 0. Let n, x, s, 01,...,0, and Xi,...,X,, be as in the statement.
Let x_ = 0Az, xx = 0V 2. Denote Py, = Py(-|S, = z), and Ey, the associated
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expectation. Recall that By = Zle o2, and let b, = %. Under F,, the vector

(So,S1,-..,S,) is a Gaussian vector with mean and covarienmce, for 0 <i<j <n,

Foa(S:) = bix,  Eou((Si — Bu(S))(S; — Eu(S)))) = %ﬂ}

where we used the formula for the conditional distribution of Gaussian vectors. In
particular, (Sp,...,S) faw (po, 01 + Diz, ...,y + ) where (oo, ..., ¢,) is a centred
Gaussian vector with the same covariance as S. The probability we want to estimate
is then given by

P(¢i + biw € [z_ — sv/n, x4 +5v/n] Vi=0,...,n).
But now, as 0 < b; < 1, one has
{¢i + bix € [x_ — sv/n, x4 + sv/n]} D {¢; € [-sv/n, sv/n]}.
In particular,
P(¢i+bix € [x_ —syn,xy +sv/n|Vi=0,...,n) > P(|¢;| < sv/nVi=0,...,n).

Then, note that
1
vV By

where (by)co1] is a standard Brownian Bridge. We get

(¢07¢17 .. 7¢7L> Ia:W (bbm bblv CIRIY bbn)

P(l¢i| < sv/nVi=0,...,n) > P(sup 16, < i)j

t€[0,1] 0+

since B, < Jin by our hypotheses on the o;’s. Finally, for any z > 0,

t€[0,1]

P< sup |b;| < z> =1+ 22:(—1)’“672’“2'22
k=1
see [1, Equation (11.39)]. The asymptotic of this quantity as z 0 is given by
2
lim z2ln<P< sup |by| < z)) =——

)
z—0t te[0,1] 8

see [5, Theorem 6.3] and references therein. O

5.4 Small ball estimates: lattice case
We start with the equivalent of Theorem 5.3 for walks.

Theorem 5.4. Let &y, ¢ € (0,4+00), and a € [0,1]% be irreducible and aperiodic. Let
so >0, a €10,2/3). There are ¢, > 0,C >0, ng > 1, and § = 6(a) > 0 such that
the following holds. For any s > Sg, n > ng, any Xq,...,X, independent sequence

with laws in Mg, ., and any x € Z — m,, with |z| < n®,

Po(ﬂ?zl{d(gi, 0,z]) < s\/ﬁ}, S, = a:) > (1 — %)@J(c/s)#e_ﬁ/wn,

where my, = Ey(S,,), and Oy is given in Theorem 5.5.
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Proof. Use the shorthand P = Fy. Treat the case x > 0. The case x < 0 is handled
in the same way. Suppose that we can fix € € (0, ), € (1/2,2/3) such that

20/ =1)(1—¢€) <¢, (1—e)min(3,2—3d)>¢, a—e<a/(l—e). (18)

Let M =M Let £ = |n¢], and

gL0700'
O:L0<L1<"'<Lg:n, %n1_6§Li—LZ’_1§2’I’L1_E.
Use the shorthand

CtrInc = CtrInc® (L4, . .., L).
Then, by Lemma 5.1, for n large enough,

PN, {d(S;,[0,2]) < sv/n}, Sp=1z) > (1— neec/”m/*l)(l*é)—“%ns)
- P(S € Ctrlnc, ﬁﬁ-:l{d(S’Lj, 0,2]) < $v/n}, Si, =)
> (1—e“)P(S € Ctrln, ﬂgzl{d(S'Lj, 0,2]) < $v/n}, Si, =),
for some ¢ > 0 depending only on sg,dy, co, @, where we used (18). Indeed, un-
der Mf_{d(SL,,[0,z]) < $/n}, for N7, {d(S;,[0,2]) < sy/n} not to be realized,
there must be j € {1,...,¢} such that d(S;,[SL,_,,SL,]) > 2+/n. Using that under
CtrInc® (Ly, . . ., Ly), 151, — Si, .| < 2n¥079 gives the bound. Then, by Lemma 5.2,

P(S’ € Ctrlnc, ﬁ?zl{d(ng, 0,z]) < g\/ﬁ}, Sy, = x)
> e_cnﬁ(lfem/P(Z € Ctrlnc, ﬂgzl{d(ZLj, 0,2]) < g\/ﬁ}, Z, — x| < 1),
where ' = min(1/3,2 —3a/), and Z is a Gaussian walk with independent steps of law

Zy — Zy—1 ~ N(0,Var(X})), and ¢ > 0 depends only on 4y, ¢, a.
We can now use Theorem 5.3 to obtain

e—2%/2Bn

V21 B,

where o, = sup, \, Var,(X). Finally, by a union bound and large deviation estimates
for Gaussians, for n large enough,

P(N_ {d(Zy,,[0,2]) < 3V}, |Zy, — 2 < §) > 0,(52)

204

14
P({Z € Ctrlnc}* | Z, = 2) <> _P(1Zy, — Zy, | > 0”079 | Z, = z)

J=1

o<n

14
< ZP(|ZL] . ZLJ-_1| > %na,(l—E) _ Ui|m|(L2j*LJ'*1) ‘ Zn — 0)
j=1

4
<P, 2y 2 200 | 2, =0

J=1
’
€ 60-4'_ V 2”1_6 n2a (1_6) < 7CTL(2O‘,71)(176)
p >€ )

< pf_Erver -
=N V2mne' (1=€) o 3602 nl—e
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where ¢ > 0, and we used that for any 7 =1,...,4,,

11— o2 |z|(L;i—L;_1 11— 202 _ 11—
%na(l € 1l |(2J J )Z%’I’La(l e)_02+na 62%,’10&(1 €)

on ’

which relies on (18), and which holds for n larger than some o, /o_-dependent con-
stant. One thus gets

P(Z € Ctrlnc, ﬂ?zl{d(ZLj, 0,z]) < g\/ﬁ}, |Zr, — x| < %)

e—mQ/ZBn

_en(2a/—1)(1—¢)
>—<@J =) —e " )
~ V2nB, (2‘”)

Gathering everything, and using that © is increasing, we get that for n large enough,

PN, {d(S;,[0,2]) < sv/n}, S, =uz)
e—(1—e)8’ €_x2/23"

s _en(2e/=1)(1—¢)
27D, ©s(57) <1 —° )

7:132/2371

2 (1 _ e—cn€>e—cn

S e_me—u—e)ﬁ’ e

= Vi, )

for some ¢ depending only on dy, ¢o, a, sg, . We now find values of ¢, o satisfying (18).
Take

19 1 1 . 1
(35:35° 3) if o < 3,
2% 19 4 e 1 3
()¢, B) = (5> 309> 15) if ; <a<i,
)& 19 55 1 e 3 5
(367259’3) if £ <a<g,
7—3« 8—Ta 9—1la £ D 2
(15705 38270 T5-10s) g <a<3.
These respectively give the values
1 . 1
= ifa< 55
5 e 1 3
S)=(1—gf —e={W  Tz<esy
N I et ifd<a<s
259 5 =3
10-15a  :¢ 5 2
3 ora g <a<ji.
and thus the claim. O

We then prove a “small-ball with constrained endpoint” result for ball size that
can be mesoscopic or microscopic. The limitation will be that the excursion endpoint
must live at the same scale as the smallness of the ball.

Theorem 5.5. Let co,d0 > 0, a € [0,1]% be an irreducible, aperiodic sequence. Let
e > 0. There are c_,cy,C € (0,400), N\g > 0, ng > 1, such that for any n > ng and
X1,..., Xy independent sequence of random variables with laws in M3, .~ one has the
following.

e For any /n > X > X, and any x € Z — m,, with |z| < (1 —€)\,
Py max |S| <X S, =1) > dyesp(=5).

-z
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e For any \/n >\ > Ao, and any x € Z — m,, with |z| < ),

Po(iirllax 1S;| <\, S, = :1:) <

..... n

>|Q

exp(—55).

Proof. Use the shorthand Py = P. Let L = [A?]. By Theorem 5.4, one has that for L
large enough, |y| < A/2 and |z| < (1 — €)X in the support of S, and S, respectively,

_ _ _ 1 5
P max Sz < )\, STL =X STL— = > l(—) C/E —6_(5’3_3/) /2Bn—L+1,n
g 19 < [ Shon =) 2 30400 e
1
Z CEX)

P(Enax 1S;| <A, S, = .CE) > c& P( max |S;| <\, S, = y)
i=1,...,n i< =1,..., n—L
> cgiP(_maX7L|5,~| <\ [Suor] < A/2)
> Clexp(-c)

for some ¢, C' > 0. This is the wanted lower bound. For the upper bound, with L as
before and |z| < A, we have

P(max |5 <A, Sy =) < > P(i:{{}%_ 1Sil <A, Sur =y)P(Sw=2]Su1=19)
[y|<A
< §P(_max IS <)) < Sexp(—cs)

where we used the Local Limit Theorem (Theorem 4.1) in the second inequality, and
Lemma 3.4 in the third. ]

6 Positivity estimates: fixed endpoint

Our final goal is to study bridges/excursions. We therefore need to prove versions
of the results in Section 3 for fixed endpoints. To this end, we need to restrict the
class of steps considered (even to have a well defined and non-trivial measure under
the endpoint constraint!). Our restriction on the steps are the same as the ones in
Theorem 4.1.

6.1 Lower bound

Lemma 6.1. Let cg,dp > 0, a € [0,1]% be an irreducible, aperiodic sequence. Let
a € (1/2,2/3). There are C,c € (0,400), ng > 1, such that for any n > ny and
X1, ..., X, independent sequence of random variables with laws in M one has the
following. For any 0 < u,v < n® with P,(S, =v) >0,

a
80,c0”’

_ - C'min(u + 1,y/n) min(v + 1,/n) —c(u—v)2/n
. (& .
i=1,..n o n3/?
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Figure 5: Lemma 6.1: Theorem 5.4 can be used to estimate the contribution of the middle piece.

Proof. Always assume n large enough so that everything works out.

Suppose first that n® > u,v > y/n. Then, Theorem 5.4 implies that

_ — C 2
P,(S,=v, min §; >0) > ——e (u)?/2B:
(Sn=v, min 5 20) N

for some ¢ > 0. This is the wanted claim in this case.

Suppose then that 0 < u,v < v/n. Let Ly = [%], Ly = | 2*]. Let K > 0 be large
to be fixed later. By Theorem 5.4, for any z,y € [v/n/K,n®],

P(SL2:y7 min S>0|SL1:$) Zi

1
i=L1+1,...,Lo \/ﬁ

for some ¢ > 0 depending only on K, ¢, dg, a. Thus, using Markov property,

i=1,...,n
> = Z (SLl—IL’ 1mln S; >0) (gn:v, Lr2rllnnS >0‘SL2_y)
Vn/K<zy<Ky/n
= =P.(SL, € [Vn/K, K], rI}};}IS > 0)
P(Sn—Lz € [Vn/K, K\/_] irllliL g’i20|§020),
where §Z = S,_; is the time reversal of S. Now, on the one hand, by Lemma 3.7, and

Chebychev’s inequality,

(SL1>K\/_| mln S>O) ]?2

for some ¢ > 0 depending only on h, ¢g, dg,a. On the other hand, by the CLT (Theo-
rem 3.1), for any n > ng (with ny depending only on c¢g, dg, a)

where we used the FKG inequality in the first inequality, and K large and the CLT in
the second. Taking K large enough, we get that

P,(Sy, € [Vn/K,Kv/n], min §;>0) > }LPU(,_minL S;>0) > C(“—%l)



where we used Lemma 3.6. Proceeding similarly to bound the term involving the
time-reversed walk, we obtain

P8y = v, min §>0)> <. Cetl) <l

i=l..n T \/n NG
which is the claim in this case as (u —v)? < n.

Finally, suppose that u € [0,4/n], v € [v/n,n%], or that v € [0,/n], u €
[v/n,n?]. Both cases are treated the same way, as the second case is the time reverse
of the first one. We thus only treat u € [0,y/n]. Let L = |[n/3]. Let K > 0 to be fixed
later. Then, for any x € [\/n/K, K+/n], Theorem 5.4 gives that,

Q : C —cv/n
P(Snzv, __Iin nSi20|SL:x)2%e 2/,

Q : Q C —cv?/n Q i &
Pu(Sn:v, l:mlgl’nSZzO) > %e / Z Pu(SL::r;, E%SZEO)
Vn/K<z<Kyn
C _ _
= %eicUQ/nPu (SL S [\/E/K7 K\/ﬁ]a i:Iln,..l..I,lLl Sz > O)
> C(U + ]‘>efcv2/n’
n
as in the previous case. This is the claim in this last case as % < @ + 1. O

6.2 Upper bound

Lemma 6.2. Let ¢y, 0y > 0, a € [0,1]% be an irreducible, aperiodic sequence. Let
a € (1/2,2/3). There are ¢,C € (0,+00), ng > 1, such that for any n > ng and
Xi1,..., Xy independent sequence of random variables with laws in M . . one has the
following. For any 0 < u,v < n?,

Py (S, =, .I{liﬂ S;>0) < Cominfu+ 1, \/i)/zmin(v L \/ﬁ)e_c(“_”)Q/”,
i=1,..., n n

Proof. Always assume n large enough so that everything works out. We do the same
kind of case separation as in the proof of Lemma 6.1.

Suppose first that n® > u,v > y/n. In this case,

Pu(gn:v, min S, 20) SPU(Sn:v).

i=1,...,n

The claim then follows from Theorem 4.1.

Suppose then that 0 < u,v < 3y/n. Let L; = [2], Ly = L%"J Then, by the CLT
(Theorem 3.1), for any z,y, P(Sp, = y|Sr, = ) < == for some ¢ > 0 depending only

n

w3

B
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on ¢y, g, a. Then, by the Markov property

Pu(S'nzv m1n S; >0 S Z:PH(S'L1 =1, i_minngi >O) (S, =y| S, =)

.....

A
o
=
:@
|
8
=
=
"
Vv
=

e

= Pl apin, Sz 0)P( i § 20 ' o=

+1)(v+1
< du nS)/(; )

where EZ = S,_; is the time reversal of S, and we used Lemma 3.8 in the last line.
This is the claim in this case as (u — v)? < 9n.

Finally, suppose that u € [0,1/n], v € [34/n,n%], or that v € [0,4/n], u €
[3v/1,n®]. By the same considerations as in the proof of Lemma 6.1, we can treat
only the case u € [0,/n]. Define

T =min{k € {0,...,n}: Sy >+vn}, A={X, < n},
T=min{k > 1: S}, <0}.
Then, by a union bound and uniform exponential tails,
P(A°, 7' <n) < ne V" < %6_‘3“2/”,
as v < n® «a <2/3. Then, as v > \/n,

Pu(gn =v, T> n)

< P(AS, 7' <n)+ Z Z P (r>k, 7=k Sp=x)P(S,=v|S; =nx).
k=0,...,n z€[\/n,2/n]

Now, for z € [\/n,2/n], recall that v € [3y/n,n%] so that

_ «a _ 2 2
- f— ) — — )
vn<v—z<n <(v—x)<wv

v?
9

and thus P(S, = v| S, = z) is upper bounded by

fka*C(vfm)z/("*k) < %67@2/” itn—k> |U - l,|1/a’
—clv—2)2/(n— —cv?/n 1 *
o elv-a)? ck)<3% / 1f§\v—x|1§n—k<(v—flf)”7
emelml < € gt/ if n—k < sv—al,

where p > 0 depends only on dy, ¢y, a, and we used Theorem 4.1, Lemma 2.1, the fact

that 7 — re~“ is upper bounded in the first case, the fact that in the second case
a—1

1 20-1
e 2n=k) < o=t < fpe=en 3 < (0 as a > 1/2, and the fact that in the
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20-1 ¢ —cv?/n

third case e~V < e~V < % < e as a < 2/3. Plugging this in the
previous bound, we get

P, (S, =, HlllIl S; > 0)
<¢ *Cv/”‘i‘ficv/n Z Z Pu(7->ka 7 =k, Sk:x)

< %e_cv my %6—@ /"PU(T >7 7 < n)

Remains to upper bound the probability in the last expression by C(:;lq) By Lemma 3.6,

we have that for any & € {0,...,n}, and any x > v/n with P,(S;, = z) > 0,

Pu( riun S; >O|Sk—x)>c>0

77777

Pur>7r'<n) <Y Y Pur' =k S =u,7>k) e

c
k=0 z>\/n
SCZ Z P (7 =k, Sy =, 7>n)
k=0 2>\/n
C 1
=CP,(7"<n, 7>n) <CP,(1 >n) < (1f/i_ ),
n

by Lemma 3.8. This concludes the proof. O

7 'Trajectory estimates: excursions

7.1 Small ball

Lemma 7.1. Let ¢y, 60 > 0, a € [0,1]% be an irreducible, aperiodic sequence. Let
K > 0. There are C,c € (0,+00), A\g,ng > 0, such that the following holds. For any
n > ng, Xi,...,Xp independent sequence of random variables with laws in Mg, . .
any Ao <A< Kv/n, and any 0 < u,v < X\ with P,(S, =v) >0,

C(min(u, A — u) + 1)(min(v, A — v) + 1) on
= A3 exp(—p).
Proof Let L; = [min(A\?,n/3)], Ly = [max(n — A%, 2n/3)]. Then, for any 3 < z,y <

Wlth P, (SLl = SL2 —y) > 0,

>IQ

max S; < A, SLQ—y|SL1—:U)2

( cn)
exp 2
i=L1,...,La i=L1,....,Lo A
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Figure 6: Proof of Lemma 7.1: wthe trajectory is forced to pass through the interval £\, 2] at times
Ly and Lo, allowing the use of Theorem 5.5 to control the middle piece.

by Theorem 5.5. Thus, restricting to Sr,,Sr, € [A\/3,2)/3], and using the Markov
property and the previous display,

Pu(OS “min S;, max S5; < A, Sn:v)

i=1,...,n i=1,...,n
C cn : Q Q Q
> 3 exp(—/\—g)Pu(O < Z‘:1r1r’1}.r’1L1 Si, i:r{ﬁ},(m S; <\, 35, € [)\,2)\])
P(0< min §;, max S; <A\ 351, €[\2)\|S=v)
i=1,...L1 i=1,..,L1

where we introduced the time-reversed walk Ey = S,,—;. We now claim that

_ _ - . B .
P,(0< min S;, max S; <A\, 351, € [\2)]) > C(min(u, A —u) + )7
i=1,...,L1 i=1,...,L1 A\

and similarly for the term involving the time-reversed walk, which would conclude
the proof. We prove the bound for the walk, the time-reversed walk is treated the
same way. Moreover, we assume that u < A\/2, the other case being the same after
a ceiling-to-floor change of point of view. Let € > 0 small to be fixed later, and take
L= [e2)\%].

Then, for any = € [e\, (1 — €)A] with P,(S, = z) > 0 (and A large enough),
Theorem 5.4 gives that

P(O < min S;, max S; <\ 35S, €[\2)\]]|S, = x) > ¢,
i=L,....L1 i=L,..,.L1

where ¢ > 0 depends only on €, ¢y, dp, a. So, using Markov’s property and inclusion of
events,

PU(O < min S;, max S; <)\, 35, € [)\,2)\])

i=1,....L1 i=1,....L1

> < min S S, <\, S —
> CPU(O < Z:n{unL Si, i:l,?i(L S; <A, Spelen (1 e))\])
> cPu(O < min S;, Sp > e\, max S; < (1— e))\).
i=1,..,.L i=1,..L

Now, first note that if u > 2e\, Lemma 3.3 and inclusion of events gives

PU(O < min S;, Sp > e\, max S; < (1— e))\) >c >0,
i=1,..,.L i=1,...L
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which is the wanted bound in this case. So we consider the case u < 2e\. Then, the
last probability is equal to

Pu( minLSi >0, S, > e)\) (1 — Pu(iinaXLSi > (1—¢€)A | 0 SiminLgi, Sp > e/\)).

i=1,..., 1,.., =1,...,

- - 1
P,( min_S; >0, SL>6)\)>C(U+ )
i=1,...,.L A
for some ¢ > 0. Finally, as (S;)L, is a submartingale under

-----

G . < . 3 a > < Zw\PL Y = =L,
Pu(iirll?ﬁsz>(1 e))\|0_i:nll}f17LSz, Sp > e\) < 1= oo

by Doob’s submartingale inequality. Finally, repeating the proof of Lemma 3.7 in the
present context,

Eu(gi { 0< 'minLgi, S; > e/\) < C’(u2 + L)

.....

for some C' depending only on dg, ¢y, a. We have obtained

Pu(O < min S;, Sp > e\, max S; < (1— 6))\) >
i=1,...,.L i=1,....L

c(u+1) 5Ce?
A (1 (

Taking € > 0 small enough allows to conclude. O

Lemma 7.2. Let cy,09 > 0, a € [0,1]% be an irreducible, aperiodic sequence. There
are ¢,C € (0,400), ng > 1, such that one has the following. For any n > ny,
Vn>A> N, any Xy, ..., X, independent sequence of random variables with laws in
and any 0 < u,v < A,

a
d0,c0”

max S; <\, S, = U)
=1,.., i=1

C(min(u, A — u) + 1)(min(v, A — v) + 1) on
< ) (),

Proof. Let Ly = |[min(\?,n/3)|, Ly = [max(n—\?,2n/3)]. Then, for any z,y € [0, A],

with P,(S;, = 2) > 0 and P(Sy, =y|S., = x) > 0,

P(SL2 =y,0< min S;, max S; <A\ ‘ Sy, = x)
i=Ly,....Ly i=Li,....La

by Theorem 5.5. Using Markov’s property, the result will follow if we can prove that

_ B . N — 1

i=1,....L1 i=1,....L1 A

— - - C . )\ . 1
PO< min 8, max S <A|So=v)< (min(v, A —v) + )7
i=1,..., n—Lo i=1,..., n—Lo )\

Y
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where E’k = S,_j is the time-reversed walk. We consider the first case, the second
being treated in the exact same way. Moreover, a ceiling-to-floor change of point of
view shows that it is enough to consider v < A/2 which is what we will do. Then,

_ _ _ C 1
P,(0< min S;, max S;<\) <P, min S;>0) < Clutl)
i=1,...L1 i=1,...L i=1,...,L1 A
by Lemma 3.8 and the definition of L;. m

7.2 Excursions with a far away ceiling

In this last section, we prove the results complementary to Lemmas 7.1, 7.2. Namely,
these Lemmas treated the case where the walk is forced to stay between level 0 and A
for A < y/n, and here we treat the regime \ > /n.

Theorem 7.3. Let cy,d9 > 0, a € [0,1]% be an irreducible, aperiodic sequence. Let
a € (0,2/3). There are C_,Cy,c_,cy € (0,400), ng > 0, such that the following
holds. For any n > ng, Xi,...,X, independent sequence of random variables with
laws in Mg, ., any A > vn, and any 0 < u,v < X\ with P,(S, = v) > 0 and
lu —v| < n,

> C_(min(u, A — u, v/n) + 1)(min(v, A\ — v,/n) + 1) exp(—c‘(ufv)Q),

n3/2 n

. _ C.(min(u, A — u, ) £ DI =0 VDD (o et

Proof. We treat separately different cases, and only sketch the proofs as the arguments
are very similar to those we used in the rest of the paper. To shorten notations,
introduce

M =i {Si > a}, Mg =0 {Si <a}.

First consider u,v € [\g, A— ] There, both bounds follow from Theorems 5.4
and 4.1 and inclusion of events.

Second consider either of the cases u < \lg,v € [\1€7A —n], or u >
A— 5 ,v € [\g, A— ‘f] or one of the two with the roles of u,v interchanged.

There, we can restrict to the first two cases by considering the time-reversed walk,
and to the first case by ceiling-to-floor change of viewpoint. We start with the lower

bound by setting L = [ %] and forcing Sy, € [‘1/—05, %ﬁ]

Pu(ME), ME, Sn=v)
> P (M7}, ME), Sp=x)P(MEy, Miy, 5, =v]|S, =1).
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Now, for x as in the above sum,

P (M), M}, S, =) > St

) >
P ME S =013, =) 2 Goa(~e32),

Y

by Lemma 7.1 and inclusion of events, and by Theorem 5.4 respectively. Summing
over x then yields the wanted bound. Now, for the upper bound, we use inclusion of
events and Lemma 6.2:

P, (M>O M=, S, =v) <P, ( 1m S, =v) < Clutl) +1) exp(—c(u —v)*/n),

1,n» 1,n»
which is the wanted upper bound in this case.

Third, consider either of the cases u < I—\G, v < ‘Q, or u > /\—1—0, V> A— f
The two are related to each other by a ceiling-to-floor change of viewpoint, so we only
consider the first case. Start with the lower bound. We get a lower bound by inclusion
of events and Lemma 7.1:

P, (M>O M S, :U) >p, (M>0 M<f S, :U) > %7

1,n> 1,n> 1,n

which is the wanted lower bound in this case. Now, the upper bound follows from
inclusion of events and Lemma 6.2:

Po(My, M5, Sy =w) < Pu(Mg), S, =v) < S0t

1,n» 1,n» n3/2

which is the wanted upper bound in this case.

Finally, consider either of the cases u < I—‘G, V>N — v ,0r u> \— ‘g,v <

‘1/—05. The two are related to each other by a time reversal of the walk, so we only
consider the first case. Let Ly = | %], Ly = [%]. Start With the lower bound. We get
a lower bound by forcing S, € [*I/—OH, %ﬁ], and Sy, € [\ — T’ A — ] We get
P,(M:), M), Sp=v) > Y > P, M7y, M}, Sp, = z)
Y <e<HEA-BO <y
P(ME°,,, M, S0, =y| S, = x)P(MLZZ?n, MEN, Sy =08, =v).

Now, for x,y as in the above sum,
PU(M1221, M1L17 SLl_x)z (n+1)’
P(M7 Sp=v|8L, =v)

C(A—v+1)
L2,TL7 L2 n’

v—u)?
P(MLZBLQ’ MEl,LQ’ SL2 =Y ‘ SLl = l’) 2 f eXp( %>,

v

by Lemma 7.1 and inclusion of events for the first two, and by Theorem 5.4 and the
observation |u —v| — */TH < |y — x| < |u—wv| for the last. Plugging these bounds in the
previous display and summing, we obtain the wanted lower bound. Remains to prove
the upper bound. We use a similar decomposition and inclusion of events to get

P,(M7), My, Sp=v) < > P(M7], S, =x)

1,n> 1n>
0<J:y</\

-P(SL2:y|§L1:x)P( S—U|SL2—y)

L2,n7
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We then bound the first and last probabilities using Lemma 6.2, and the second one
using Theorem 4.1 to obtain
Pu(Mlz,rga Mlgﬂi\) gn = U)
Clu+1)(A—v+1)
< 572 Z exp(—c((u — x)Q + (x — y)2 + (v — y)Z)/n)
0<z,y<A
Clu+1)(A—v+1)
< T Y- exp(—e(@® + (x = y) + (y = A)) /),

0<z,y<x

where we used the constraints on u, v in the last line. A simple sum-integral comparison
gives

Z exp(—c(2®+ (z —y)* + (y — N)?) /n)

0<z,y<A

< C/ dw/ dyexp(—c(a® + (z —y)* + (A —y)?)/n) < Cn exp(—c%).
0 0
Using A — %ﬁ < |v —u| < A, we obtain the wanted upper bound in the last case. [

7.3 Tails

Lemma 7.4. Let cy,0p > 0, a € [0,1]% be an irreducible, aperiodic sequence. Let
B € (0,1/6). There are ng,tog > 0, C,c € (0,400) such that the following holds. For
any n > ng, any Xi, ..., X, independent sequence of random variables with laws in
Mg, ., and any 0 < u,v < sty/n with P,(S, =v) > 0,

min(u—l—l,\é'riz')ng}i;(v—f—l,\/ﬁ) eXp(—Ctz),
C min(u+1,y/n) min(v+1,y/n) exp(—tQ/C)

tn3/2

Vv

Pu(min § 20, 5,2 v, Snzv){

1=1,...

IN

for alln/3 <k <2n/3, and all ty <t < nP.

Proof. Suppose t > 2. We treat the upper and lower bound separately. Let a =
s+ 6 €(1/2,2/3). Introduce

We start with the upper bound. First,

P,(D, Sy =tyn, Sy=v) <P,(Se=n*)+ > PuD, Sp==x, S, =v).

ty/n<z<n®

Then, by Lemma 2.1, and the fact that 2a — 1 = 25 > 0,

Pu(gk > na) < e_cn2a—l _ _—cen?B < C min(u+1,y/n) min(v+1,y/n) 6_Ct2.

=e€ 32
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Now, using Lemma 6.2, for t/n < z < n®

PU(D, Sy ==z, S, = v)
= P.(min S; >0, Sy =2)P(_min S >0, Spp =150 =)
C min(u+1,y/n) e—c(u—x)Z/n C min(v+1,y/n) 6—c(x—v)2/n

< C min(u+1,4/n) min(v+1,/n) —cx?/n

n2 € ?

IN

where §; = S,_; is the time-reversed walk, and we used 5 <z—ur—v <, for
the concerned z’s as t > 2 and 0 < u,v < %t\/ﬁ < %x Now, by a Riemann sum
approximation,

Z \/Lﬁefcxz/n < C/ dxefch < %efctQ.
ty/n<z<n® t
This concludes the upper bound.
We then prove the lower bound. We have

P,(D, Sy =tyn, Sp=v)> > PuD, Sp==z, S, =v).

ty/n<z<n®
Then, using Lemma 6.1, for t\/n < x < n®,

PU(D, S, =z, S'n:v)
:Pu( min S; > 0, Sk:x)P( min g’iZO; gnszﬂgozv)
k —k

i=1,.., i=1,..n

> C min(u+1,/n) efc(ufx)Q/nCmin(sz,\/ﬁ) efc(xf’u)Q/n
= n n

> C min(u+1,4/n) min(v+1,/n) _—ca?/n

= 2 €

n Y

where S; = S,,_; is again the time-reversed walk, and we used § < x —u,x —v < z,
for the concerned z’s as t > 2 and 0 < u,v < %t\/ﬁ < %x Now, by a Riemann sum
approximation,

00
1 —cx?/n —cz? Cc —ct?
E N > C/t dze > e

tv/n<x<n®

This concludes the lower bound. O
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A Simple proof in the bounded case

Theorem A.1. Let K > 0, and o« > 0. Then, there are c.,c_,ng > 0 such that
the following holds. For any n > ng, and any independent sequence of real random
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variables X1, Xo, ... satisfying that for all i’s
E(X;) =0, E(Xilx>0) 2 o, | X;| < K a.s,

one has that for any u < \/n,

c-l+u) <P( mln Si >0‘So—u) < c+(1—|—u).

vn =1, - vn

Proof. Denote P, = P(-|Sy =u), 7=min{k > 1: S, < 0}. Then, note that (Sk)i>1
is a martingale. Thus, by Doob’s optional stopping theorem,

EU(ST/\’VL) = U.
But on the other hand,
+ E ( T<TLST)

)= E, (1.~
<P (T>n w(Sn | T >n)
> P,(1 > n)\/nP,(S, > /n) — ’

as S <0 as., |S;| < |X;| < K, and by FKG inequality we have

Eu 'r/\n

Ey(1:5,8,) = Pu(1 > n)E,(max(S,,0)) > P,(1 > n)v/nPy(S, > v/n),

(both 7 and max(S,,0) are non-decreasing functions of Xi,...,X,,). We can now use
that by the (inhomogeneous) CLT (Theorem 3.1) and the uniform lower bound on the
variances (provided by a? > 0), Py(S, > /n) > ¢ for some ¢ > 0 and n large enough
(uniformly over the sequence Xi, Xs,...). This yields

P,(1 > n)vnc— K <.
Rearranging gives the upper bound. For the lower bound, we claim that
E,(S,|T>n)<cyn (20)

for some ¢ > 0, and any n large enough (uniformly over the sequence Xi, X, ...).
Plugging this in the optional stopping display, we get

P, >n)> “

vn

Now, for u = 0, we have

P0<7'>7’l>:E0(1X1>0PX1(T>TL—]_)) > ¢ ca

> 3
Remains to show (20). Introduce 7 = min{k > 1: Sy > Ay/n}, with A > 0 to be
fixed later.

Eo(1x,50X1) >

Eu(]lT>nSn) - Eu(]l7'>n]17’>nsn) + Eu(]lT>n]lT’§nSn)‘

Now, E,(1,5,1,+,5,) < P(r > n)Ay/n. Remains to bound the other term. It is
equal to

Pu(r>n)Y  Eu(ly—tS, |7 > n).
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Using Markov’s property and S;; = S/ _. X,

E,(1—S, |7 >n)

-----

S Eu(]lT/:k(A\/ﬁ—i- K + E(Sk_;_l,n | Sk,T > n)) |7’ > n)

Now, taking A = /2K, for any v > A/n,

E(Sk+1n| Sk =v,7>n) =

as

E(Sk+17n]lq—>n | Sk =v,T> k‘)
P(r>n|Sy,=v,7>k)
)
~ P(r>n|Sy=v,T7>k)

< 2K+/n,

P(r>n|S,=v,7>k)>P( max |Ski1i| < Avn)

i=k+1,...,

BlSina) oy K21

>1— 1—— ==
- An Az 27
by Doob’s submartingale inequality. Combining everything gives (20). ]
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